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Construction of fine-grained, variant-specific activity landscapes
to identify high-performance variants

Generation of Sequence—Activity Datasets for SlugCas9
Across Diverse PAMs Using Multiplexed-Barcoded Sequence Display
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Display, a scalable platform that rapidly generates large-scale protein sequence—activity datasets, en-
abling machine learning-driven protein evolution. Sequence Display can be multiplexed to assess the
specificity of individual mutants within a single experiment. By integrating these datasets with
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